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Abstract

Artificial Neural Network is the science of Artificial Intelligence (Al) that being
applied in various fields effectively, for example, pattern recognition, prediction, control,
optimization and clustering. The concept is that it simulates the working of the human
brain neurons. Generally, it can be seen from the Nodes of Neural Network which are
simulated from synapse. Also, the signal transmission of nodes is simulated from dendrite
and axon. Finally, activation, function or transfer functions are simulated from the human
neuron.

Artificial Neural Network architecture is divided into 2 types : a Single Neural
Network Layer and a Multi Neural Network Layer. The Single Layer has only an input and
an output level, for example, Simple Perceptron and Hopfield Networks. However, the
Multi Neural Network layer has one or more than one hidden levels which are in the middle

of the input and output level. Additionally, the Neural Network Learning can be divided

into 2 types : supervised learning and unsupervised learning.

Nowadays, the Neural Network science is very important and being developed

and applied in various fields effectively and efficiently.

Keywords : Neural network, Neuron, Backpropagation, learning, transfer function
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Heffunisudaenuulaes
TuAnunuiaud Jansuiulfsafuieidy
nsuUasuuudnueea (sigmoid transfer
function) wAs1eUINEIEI9DDITRYARIDEN
ragludag -1 G +1
MerFumsutasuuulawesludnumL]
wug srusadsuidusunismvadaaians
wazuanalddiogil 13
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Tassinedseamdsudumansuaug
wﬁ’amaﬁwuﬂmmﬂﬂﬁtﬁwiﬁﬂizqﬂGﬂﬁmmi
PnmaINaeEIINTINEGeiY oy
mam%ﬁﬁﬂé’aﬁummmaﬂwaﬁﬁuﬂwﬂu nann
Tasagulasegradssamifisusiaisniinn
Yazgnaldiuamudusingg Tevai

1. ﬂ’ﬁﬁi”]LLuﬂgﬂLL‘UU (pattern recogni-
tion) 19U N1INBNAUTAY MTDN1TINATIER
Lﬁﬂ\‘lwumﬁmmﬂﬂ’)’mﬁu’m

2. N19YUY (prediction) ¥38n19
wensal (forecasting) (U MIIMNEIIAY
2a9AAAVANNSNE n1snensalsnInIsiva
ga9t MInensainaaud Wudu

3. M3IALAN (control) LHU N1TAILAN
3rUUP89LATDIUSLDINA N15AILANTEUL
LASBIBUR wazMIRILANuBUR (Dudu
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4. NNIVIAMNIRNIEEN (optimiza-
tion) 17U MaRenszELNAing Iedudige
Tun1suiune (shortest path)

5. MIVANAN (clustering) WAZN1IIA
vy (categorization) iU MINATIEAdREYAIMN
ANAWANABN NIDAIWAENIIBINA

unagy

Tasetneyseamiien (Artificial Neu-
ral Network) e N33 19ABNRIADSTIRADY
FBmsvhauzasasesyss wiavilvaaw-U]
MmesinAauazanilunuiieaiulasediy
Uszamzesysd ietanliaeniameiidla
awayed waziald deenaifunlidniu
“aupena” lasvaiuzeslasstedssamiiion
Uszneuiedeyatloud uazdeyasvoan loy
fnsmuaanhminliudidunienisiigi
rasdayaudazi nsafrensifeuidmiy
Tasstpdszamiipaiial¥iiaudaaiion
wusd 8 2 35 Ae msdsuiuuuddasu

UA 12 a0UR 24 UNSIAL - DOUIBY 2552

(Supervised Learning) (W3suifisuiunusd
wiloufunsasudniseulasiagiasunas
gt wazmaiiouduuubififasu (Unsu-
pervised Learning) i3suiisuiunumd 15y
nsfiaansauenuesiugfy Wugdad e
vz gUInveiulifienuies
ilovanariuainnsalunisiany
wAnssmMennsasszuLiiiaaduieu
indeyaiiiloudn wisnsiSeuimsUscynd
Hlasededszamifion Folfumvszyndld
fuaunatsdszian iy nsuunzliuy
fifianalaimiveu madszanudrileidunsa
m3Uszanuaadiug uananidsaansa
dldyszgndiveudiueig ¢ Snnatediu
fetaiy MadenzitazeenuuuszuLiiTo
Tumsuwuzihguisfeulunisaivanszuy
USuemdzasenns ialdlszndandsau
anfigalurnsiideinmanssazsesszuly
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